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An Application of the Differential Evolution Optimization Algorithm
for Solving Raw Material Allocation Problems in Multi-Echelon
Transportation.
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Abstract

The purpose of this compares the effects of algorithm for solving allocation problem in cassava
transportation. Formulate the mathematical model analysis is computed by Lingo V.11 and Differential Evolution
(DE) application. Two stages of conducting this research are 1) comparing stage, which compares the efficiency
of the two employed applications according to accuracy economic, and 2) comparing stage, which compares the
minimum computation time. The test to the proposed algorithm is tested with a simulation study to be in this
research all five case studies. The results show that DE generates 0.281% worse than that of Lingo V.11 while

using 85.4 minutes faster computational time than that of Lingo V.11.
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